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3 Dynamics of X

[Algorithm of convolution gradient method considering global infor-
mation]

Step 1 Setinitial value of X, V, X, and parameters «, (3, 7, 01, 92 and a.
Step 2 Derive initial value of Xy, X, and Z.

Step 3 Calculate Z and update Z.

Step 4 Calculate V and update V.

Step 5 Update X and evaluate X4, X, and Z using the objective func-
tion f.

Step 6 Update X ,.

Step 7 If it assume to be converge then finish otherwise return Step 3.
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