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Abstract:

With the widespread adoption and development of internet technology, social networking services (SNS) have
become widely used, playing a central role in information dissemination and sharing. While this progress
has facilitated the transmission and sharing of information, it has also introduced new challenges such as the
spread of online firestorms and misinformation. This paper aims to address the problem of online firestorms
by developing a firestorm prediction model. We constructed a binary classification model using machine
learning techniques to predict whether a single post on SNS will ignite a firestorm early on. We adopted
posts and account information that became topics of interest on platform X as our dataset and conducted
predictions and analyses based on those predictions for each post. As a result, it was possible to predict a post
would become a firestorm before it actually did. Additionally, political topics showed a higher proportion of
predicted firestorms compared to a comparative dataset using different topics.
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