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Test Data: Actual vs. Predicted
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Equation String:
SymPy Format: x1#4*2 - 0.498U8592*x2 + cos(x0)*2.5080454
LaTeX Format: x_{13~{2} - x_{2} \cdot ©.493u8592 + \cos{\left(x_{0} \right)} 2.5080u54

2.4121
0.0089
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