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Competitive Radial Basis Function Networks Applying the “Survival of
the Fittest Type” Learning Algorithm
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Table 1 The values of synaptic weights before learning
and after learning.
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Table 2 The iteration numbers of learning (the case

using Eq.(21)).
effv—-7 | BEwv—-7
RBFN 219 10723224
CRBFN 11 232710

[-5,-3,-1,1,3,5]T o o = 15 (i =
1,2,---,6) 8527, ¥F 7 ARAHEONIIE I
EHI LTS Z o, EEBIER LI E DY
FAEEHEOERE 1 KFRT. FEOPGRYEIZ
E(x)£0.0001 ¥ L7, Zh&b, RBFEN Tit 6 B3
RTDAN =2 —a  TEBEEM 21T 5 5, CRBFN
THE 2 BIVF FAREAHECHARL LERE
BOAN=a2a—arTREABET) ZL8bh 3,
i, TheDyF 7ARESHENEE LWL
MHBSEWANREEL TS 2 L iciER T 3, #*h
@ 0.000 X/MEAESALUTOR@ER2 > TBD, M
WL bEZBILMBTELYF S AEEHEDET
b3, R2IFFGBPCRT 2 TCOEZFERTH S,
BL, BN —TRYF FAREHE w' 26 TS
SA—% mi kot B—OFEHT B CERERL
Tw3, 2FV—-70RKIEY F 7 AREHEL U
T A—FRVELBVERT 2 CICERERZ
TBY, BFTEFHPRLL L 2 ZF0REKIIEZ
BWHDETE, FulIFATRRZEXYF LA
BEHWEDOEFANRN W) TE5E2o05h, HBVIER
CHTEZLNELDBNIEITHEZOT, ZO%E
BOEZY F 7 ABEHEMcBESEER L2 L
CIDELTWR EEZO NS,

HEDZ 5, RBEN Cit ¥ RTOAN=2—0
CERGCTEECEM TS 120, ¥ F 7AEEHE w
L8 A—% mi b ooy ORI E L O¥YEKEY
Er 3%, CRBFN CRALBEREROAI=2—0v
YEDWTDANRTA—F DG ET 510, Dixw

3196

#3 FHEBPORT % £ TCOEFEK (R (19 OBS)
Table 3 The iteration numbers of learning (the case

using Eq. (19)).
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(b) Applying Eq. (19) to the synaptic plasticity equation.
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Fig.3 The changes of the synaptic weights.
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Table 4 The mean vectors and covariance matrices.
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Fig.4 The probability density function of the
population.
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Fig.5 The distribution of sampling points.
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Fig.6 The conceptual figure of the initial distributions
of input neurons.
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