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In genetic algorithm(GA), it is considered important to conserve the distribution of the population by designing
a crossover which inherits the good parental feature and a generation alternation model which maintains the
diversity of population. However, there are no general GAs which used in combinatorial optimization problems,
even though it can be used in functional optimization problems by preserving statistics. In this study, we propose
a new framework of GA using bayesian networks inspired by Bayesian Optimization Algorithm(BOA). The results
show that the proposed method can be expected to be a general algorithm in combinatorial optimization problems.
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